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Abstract

(SOFM) neural networks to vector quantization image compression encoding. The two main shortcomings of the

In recent years, many scholars have successfully applied the Kohonen's self-organizing feature map

basic SOFM method are its high computation complexity and its poor codebook quality compared to the
conventional LBG algorithm. In order to improve the codebook performance, some modification is made in the
weight factor adjustment of the basic SOFM algorithm in this paper. In order to reduce the computation complexity
of the basic SOFM algorithm, some fast search methods are used in SOFM iterations during the search for the
winning neuron. The proposed algorithm is used to generate vector quantization codebook and the generated
codebooks are used for image compression encoding in this paper. Simulation shows that the reduction of
computation is substantial and the codebook performance is improved. Compared to the basic SOFM algorithm,
the reduction of computation is about 75% . For not only image in the training set but also the image outside the

training set, the encoding quality can be improved by 0. 80dB~ 0.90dB compared to the basic SOFM algorithm.
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